Scenicness ratings and basic characteristics of the photographs
As the degree of the quality of the photographs may in itself affect their scenicness ratings, we also evaluate the relationship between color characteristics of the photographs and their scenic rating. We investigate whether brighter or more colorsaturated images correspond with higher ratings. We also investigate whether images with warmer colors, which contain more red, tend to receive higher ratings than images with cooler colors, which contain more blue. We calculate the warmth of an image pixel by extracting its Red, Green and Blue (RGB) values and defining it as warm if the red value exceeds the blue value. We calculate the warmth of an image as the proportion of warm pixels over the total number of pixels in an image. Figure S2 depicts the relationship between scenicness ratings and the brightness, color saturation and warmth of an image. We build a simple linear regression model to check to what extent higher scenicness ratings can be explained by higher saturation, brightness and warmth values. We find that images with greater color saturation tend to be rated slightly more highly than images with lower color saturation (β = 0.027, t(206869) = 74.14, p < 0.001). However, it is unclear whether saturation is a property of the scenic areas themselves or of the photographs. For instance, the sample of images with high scenicness ratings and low scenicness ratings presented in Fig. 1 suggests that images with higher ratings may contain fewer low-saturation grey manmade structures. Furthermore, although the linear regression analysis suggests that both brightness (β = 0.010, t(206869) = 23.02, p < 0.001) and warmth (β = 0.004, t(206869) = 18.74, p < 0.001) significantly increase with scenicness ratings, visual inspection suggests brightness and warmth do not have a simple linear relationship with scenicness, where warmth in particular appears to be -3 -highest for pictures with a medium scenic rating of around 5 or 6, and thus do not steadily increase or decrease with each consecutive scenic rating (Fig. S2 ).
Analyzing pollutants using Principal Component Analysis (PCA)
Strong collinearity between predictor variables can make it impossible to identify which predictor variable best explains the dependent variable in a regression model.
We therefore investigate to which extent collinearity exists between modeled estimates of concentrations of the following pollutants: sulphur dioxide (SO 2 ), oxides of nitrogen (NOx), particles and fine particles (PM 10 and PM 2.5 ), benzene (C 6 H 6 ), carbon monoxide (CO) and ozone (O 3 Table S4 | Predicting poor health with scenicness only. Regression coefficients for CAR models predicting standardized rates of poor health using scenicness only. As in Table 1 , models are built for England as a whole, and for urban, suburban and rural areas separately.
We also control for the following pollutants: sulphur dioxide (SO 2 ), oxides of nitrogen (NOx), particles and fine particles (PM 10 and PM 2.5 ), benzene (C 6 H 6 ), carbon monoxide (CO) and ozone (O3), using the measures introduced in Table S2 
), carbon monoxide (CO) and ozone (O3).
Akaike weights (AICw) can be interpreted as the probability of the model given the data.
Further details on how a model's AICw is calculated can be found in the Methods section. In all cases, the models that include scenicness perform better than the model with only greenspace. We investigate to what extent geographic differences in health can be explained by scenicness and greenspace, by creating CAR models in which we also control for socioeconomic deprivation using data from the 2010 English Indices of Deprivation. We also control for the following pollutants: sulphur dioxide (SO 2 ), oxides of nitrogen (NOx), particles and fine particles (PM 10 and PM 2.5 ), benzene (C 6 H 6 ), carbon monoxide (CO), ozone (O3) using the measures introduced in Table   S2 . To determine which model provides the best fit for predicting poor health, we calculate Akaike weights (AICw) which can be used to interpret the probability of each model given the data. Further details on how a model's AICw is calculated can be found in the Methods section. In all cases, we find that models that include scenicness (denoted by the color purple or by purple and green stripes) perform better than the model with only greenspace (denoted by the color green). 
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